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from GeoSOSAI import MainFrame # Anoname.py ! \FT

import wx # \WX

app = wx.App()  # /mx App ()
frame = MainFrame(None) # Frame 7, £k PR
icon = wx.Icon( *args: 'geosos.ico', wx.BITMAP_TYPE_ICO)

frame.SetIcon(icon)
frame.Show() # =7/, Show()
app.MainLoop() # /A VX
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ChUsers\17773\Documents!\Datas\boston_house prices.csv
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Ch\Users\17773\Documents\Datas\diabetes.csv

Pregnancies | Glucose | BloodPressure | SkinThickness | Insulin

148 35
a5 29
0
a9 23
35
116 0
78 32

-0.17186345 -0.07405011 -0.02420295 -0.00751458 0.04356861 0.24623706

014683666 -0.13884866 -0.0027099 -0.02539241 -0.03560339 -0.01045489
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D:\Temp\GeoS0SGeoAT\python-3.11.9-embed-amdé4>python main.py
2024-09-23 00:50:25.983091: I tensorflow/core/util/port.cc:153] oneDNN custom operations are on. You may see slightly di
fferent numerical results due to floating-point round-off errors from different computation orders. To turn them off, se
t the environment variable ‘TF_ENABLE_ONEDNN OPTS 0Y:
2024-09-23 00:50:26.541270: I tensorfig
fferent numerical results due to floafhd
t the environment variable ‘TF_ENABLE S
D: \Temp\GeoSOSGeoAI\python .11.9-emb
ning: Do not pass an ‘input_shape‘/‘iJ - )
(shape)* Obj?Ct. as thelﬁrst layer in @ NN IsES

super().__init__(activity_regulariz
2024-09-23 00:55:56.40332 I tensorf
use available CPU instructions in per I
To enable the following instructions: | dense (Dense) | (None, 64) 36,028
mpiler flags. s
Epoch 1/5 | dense_1 (Dense) | (None, 10) 650 |
1875/1875 4 y
Epoch 2/5 Total params: 93,322 (364.54 KB)
1875/1875 | Trainable params: 93,322 (364.54 KB)
Epoch 3/5 Non-trainable params: 0 (0.00 B)

1875/1875 B
Epoch 1, Accuracy: 0.9560999870300293, Val Accuracy: 0.9829999804496765

1875/1875 1 Epoch 2, Accuracy: 0.9853333234786987, Val Accuracy: 0.9850000143051147

Epoch 5/5 Epoch 3, Accuracy: 0.989799976348877, Val Accuracy: 0.991599977016449

1875/1875 Epoch 4, Accuracy: 0.9920833110809326, Val Accuracy: 0.989799976348877

313/313 z Epoch 5, Accuracy: 0.9938499927520752, Val Accuracy: 0.989799976348877
ERETEER: Test accuracy: 0.989799976348877

| flatten (Flatten) | (None, 576) ol
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python-3.11.9-embed-amd64
Snipaste-2.8.5-Beta-x64
SQL Server Management Studio
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@ RN JIEBE

Epoch 35,
Epoch 36,
Epoch 37,
Epoch 38,
Epoch 39,
Epoch 40,
Epoch 41,
Epoch 42
Epoch 43,
Epoch 44,
Epoch 45,
Epoch 46,
Epoch 47
Epoch 48,
Epoch 49,
Epoch 50,

Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:
Loss:

Loss:

0.0026279122103005648, Val Loss: 0.0023377302568405867
0.002674077171832323, Val Loss: 0.002397530246526003
0.0026461235247552395, Val Loss: 0.002416166476905346
0.0026137118693441153, Val Loss: 0.0024788309819996357
0.002805231837555766, Val Loss: 0.0022897585295140743
0.002574068959802389, Val Loss: 0.0034640764351934195
0.0029442906379699707, Val Loss: 0.0022811894305050373
0.002737506525591016, Val Loss: 0.002444097539409995
0.002552579389885068, Val Loss: 0.0022387548815459013
0.0025794559624046087, Val Loss: 0.002476249122992158
0.002659635152667761, Val Loss: 0.0022326214239001274
0.0026990731712430716, Val Loss: 0.0024058998096734285
0.00288805621676147, Val Loss: 0.0025692610070109367
0.002706961240619421, Val Loss: 0.002243591472506523
0.0025320707354694605, Val Loss: 0.0022370649967342615
: 0.002556541236117482, Val Loss: 0.0022532097063958645

ERLTEESR: Test Loss: 0.002122144680470228
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